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1. INTRODUCTION

Industrial development continues to grow significantly, giving rise to the need for more innovative and
efficient competitive strategies. In the face of increasing competition, Supply Chain Management (SCM) has
become the key to ensuring high-quality products and services [1-3]. The key to successful SCM lies in
optimizing the performance of the supply chain which encompasses various entities and operational
processes, from conception to use of the product or service [4]. An efficient supply chain is the foundation for
business continuity and prosperity and enables companies to effectively control the flow of information,
products, and financial resources [5]. In this context, good integration in all stages of the supply chain is of key
importance. This includes smooth information flow, long-term relationships with suppliers, and strong
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collaboration with all supply chain stakeholders [6, 7]. Thus, SCM is not just about organizing logistics and
distribution, but also about building an interconnected and mutually supportive business ecosystem.

In an era where collaboration is increasingly valued, the door is open to the recognition that cooperation
across the supply chain can be the key to success for companies. More than just organizing the flow of goods
from point A to point B, SCM has become a battleground where efficiency meets innovation. From inventory
management to strategic site selection, every step is organized in such a way as to ensure that companies can
respond to the market quickly and effectively [8-10]. However, implementing SCM is not a walk in the park.
It requires a structured and sequential approach, flowing from a macro vision down to concrete micro steps.
In this process, the alignment between the company's goals and the practical steps taken is a key determinant
of success [11]. From tackling challenges at the macro level to solving problems at the micro level, SCM
becomes a demanding, but also highly satisfying landscape when it successfully achieves harmony between
vision and action [12].

Taticchi et al. [13] highlighted the importance of performance management and continuous improvement
efforts in the context of supply chain management. The effectiveness of performance management in supply
chains can be improved through the implementation of a holistic measurement system, capable of evaluating
performance from multiple perspectives. Performance measurement systems are generally designed with
multiple levels, which take into account diverse aspects. In addition, the components that are often included
in a performance measurement system include [14]:

Metrics for performance evaluation of planned order procedures.
Supply chain partnership and related metrics.

Measuring customer service and satisfaction.

Production level measures and metrics.

Performance evaluation of delivery link.

AR N

Supply chain finance and logistics costs.

These diverse approaches not only provide insight into current performance but also serve as a driver for

targeted improvement initiatives. With a smooth transition from the discussion of performance measurement

components, the Supply Chain Operations Reference (SCOR) model emerged as a guide that steers companies
toward operational excellence. SCOR, a leading framework carefully designed to evaluate and improve supply
chain performance across multiple operational dimensions, provides a holistic perspective on supply chain
operations. By integrating the metrics and dimensions highlighted by Baghwat & Sharma [14] into a structured

SCOR framework, organizations can effectively assess their performance, identify areas for improvement, and

propel themselves toward unparalleled levels of efficiency and competitiveness. The Supply Chain Council

(SCC) emphasizes that the SCOR model provides a variety of techniques, diagnostics, and benchmarking tools

that facilitate significant and rapid improvements in supply chain processes. However, it should be noted that

the SCOR model does not include sales and marketing activities associated with demand creation, product
development, and research and development. To address this, the American Production and Inventory

Control Society (APICS) provides an additional framework that extensively addresses these specific areas. The

integration of six core management processes in the SCOR model includes [15]:

1. DPlan, assess resources, collect and prioritize demand requirements, plan supply for distribution,
production, and material requirements, and plan rough capacity for all products and all channels.

2. Source, i.e., obtain, receive, inspect, withhold, issue, and authorize payment for purchased raw materials
and finished goods.

3. Manufacture, request and receive raw materials, manufacture and test products, packaging, containment,
and release of products.

4. Deliver, i.e., running order management processes, configuring products, creating and maintaining
customer databases, maintaining product or price databases, and managing accounts receivable, credit,
collection, and invoices. Running warehouse processes includes selecting, packing, configuring, shipping
products, managing transportation and export-import processes, and verifying performance.

5. Return processes defective, warranty, and excess product returns, including authorization, scheduling,
inspection, transfer, administrative warranty, acceptance and verification of defective products,
disposition, and replacement.

By adopting the SCOR model and utilising additional frameworks from APICS, companies can formulate

a holistic and targeted strategy to improve their supply chain performance.
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In developed countries, achieving optimal performance in SCM is strongly influenced by factors such as
cost efficiency, product quality, and adherence to sustainable practices, often represented by GreenScor
metrics [16]. However, in developing countries, such as Indonesia, farmer groups face diverse challenges in
their efforts to achieve operational excellence [17]. Take, for example, the Tegal Subur Active Farmers Group,
a group of organic tea producers located at the foot of the beautiful Menoreh Hills, in Nglinggo village,
Pagerharjo, Samigaluh, Kulon Progo. Despite the beautiful surroundings, these farmers face various hurdles
ranging from limited access to technology and market information to logistical constraints and financial issues.
As they face these challenges, customized strategies and support systems are needed to empower this group
of farmers and unlock their full potential. By tackling these issues head-on and encouraging collaboration
between stakeholders, we can pave the way for sustainable growth and prosperity in agricultural supply
chains in developing regions like Indonesia.

These farmer groups endeavour to involve themselves in various aspects of the organic tea supply chain,
from raw material procurement to finished product distribution. They ensure the availability of tea raw
materials, provide production facilities, conduct plant cultivation and maintenance, and process agricultural
products into various processed products such as green tea, black tea, yellow tea, and roasted tea. These
products are not only sold to visiting tourists, but also in retail outlets. The group consists of 37 members, each
of whom is responsible for picking 5-6 kg of wet tea leaves at a time. With a production capacity of up to 25kg
of wet tea leaves per session, they can fulfil market demand quite well. In addition, Tegal Subur Active Farmer
Group has partnerships with local distributors or shops that regularly order their organic tea products every
month. This ensures a more structured and sustainable supply and marketing of their products in the local
market.

A major challenge faced by farmer groups is the unpredictability in monthly orders. This variability
affects their ability to meet unexpected demand as product stocks are often insufficient. Although the number
of unfulfilled orders is relatively small, this can have an impact on consumer satisfaction and the smooth flow
of the upstream to downstream supply chain. The data shows that 95.39% of uncertain orders were fulfilled
during the period August 2021 to March 2022. This high percentage illustrates the challenges faced in planning
production according to actual demand, mainly due to the uncertainty of irregular raw material supply.
Deviations between production planning and actual production can result in cost losses, both in the form of
lost revenue and decreased production efficiency. In addition, the uncertainty of monthly orders also makes
production planning difficult, making it difficult for farmer groups to organize production schedules and
resource allocation efficiently. A more structured and sustainable strategy is needed to address these
challenges and improve overall supply chain performance.

Therefore, this study aims to investigate the supply chain performance of organic tea using the SCOR
approach. Previously, there have been a number of studies using SCOR to measure supply chain performance
in various industrial contexts. For example, there have been studies on evaluating supply chain performance
in the batik industry [18, 19], applying the SCOR model in the aircraft spare parts industry [20, 21], and
implementing SCOR in the sugar and leather industries [22]. However, this study has a different focus as it
explores measuring and improving supply chain performance specifically in the context of organic tea
production. By understanding the specific dynamics involved in the organic tea supply chain, it is expected
that this research can provide valuable insights for practitioners and researchers in an effort to improve the
efficiency and sustainability of the organic product supply chain.

2. MATERIALS AND METHODS

2.1. Material

The ingredients used for this study were organic tea in Tegal Subur Akitf, Nglingo, Pagerharjo, Samigaluh,
and Kulon Progo. Processed products from organic tea produced are green tea, black tea, yellow tea, and
roasted tea.

2.2. Method

The method used to measure supply chain performance in this study is SCOR. The SCOR model is known
as an effective diagnostic tool in analyzing SCM, which allows users to gain a deep understanding of the
various processes that occur within the company's organization. The selection of SCOR as a performance
measurement method is based on the consideration that the Key Performance Indicators (KPIs) that currently
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exist are not fully in accordance with the company's supply chain strategy, so a more structured and holistic
approach is needed [23]. This method is not only a reference framework for supply chain operations, but also
provides methodologies and measurement tools that can help companies identify and correct weaknesses
quickly [24]. For example, Gonzales-Pascual et al. [25] assert that even small businesses can use SCOR to
identify their shortcomings by utilizing easy-to-understand yet relevant measures. The SCOR model also
includes the application of Analytical Hierarchy Process (AHP) and Fuzzy AHP methodologies in risk
management, specifically focused on the five main components in the supply chain: planning, procurement,
delivery, production, and returns [26]. By utilizing SCOR as the main framework, this study aims to provide
deeper insights into the performance of the organic tea supply chain and provide a solid foundation for the
development of continuous improvement strategies.

2.2.1. Data processing of the AHP method
Steps of AHP data processing;:

1. Define the problem and define the desired solution.
Create a hierarchical structure that begins with a general purpose, criteria, sub-criteria, and alternative
options.

3. Create a paired comparison matrix that describes each element's relative contribution or influence to a
goal or criterion level above.

4. Defines pairwise comparisons so that a total number of raters is obtained as many as n x [(n-1)/2] pieces,
where n is the number of elements compared.

5. Calculates eigenvalues and tests their consistency. If it is inconsistent, then the data retrieval is repeated.

Repeat steps 3, 4, and 5 for all hierarchy levels.

)

7. Calculates the eigenvalue of each paired comparison matrix, which is the weight of each element for
prioritization of elements at the lowest hierarchical level until reaching the goal.

2.2.2. Data processing method of SCOR
The steps of SCOR method are as follows:

1. Identifying the company's supply chain by observing the company's supply chain and then carrying out
the SCOR model approach; the observations are compiled into the company's supply chain framework.

2.  Determine the indicators of the level-1 matrix, level-2 matrix, level-3 matrix. The level-1 matrix is the
processes in SCOR, namely plan, source, make, deliver, and return. The level-2 matrix is a dimension for
supply chain performance measurement. The dimensions used include Reliability, Responsiveness,
Agility, Cost, and Asset. The level-3 matrix contains indicators that affect each process and dimension of
supply chain management performance measurement, so they are referred to as KPIs.

3. Develop a hierarchical structure of the company's supply chain indicators. The three levels of the matrix
are then made a hierarchy of supply chain performance indicators in the company based on interviews
and filling out indicator questionnaires by parties involved in the research.

4. Calculating the normalization of KPIs with the normalization of Snorm De Boer The weights of the
indicators are converted into a conversion of a specific value that is between 0 and 100.

5. Weighting the importance of Performance Attributes with the AHP method. This weighting is done to
determine the importance of each level and KPIs.

6. Calculate the final value of supply chain performance. Multiplies the KPIs score by the previously
calculated KPI weight.

7. Calculates the final value of a dimension. Multiplies the score of each dimension by the weight of the
previously calculated dimension.

8.  Calculates the total value of supply chain performance. Multiplies the normalized score value of each
matrix by the matrix weight value obtained from the weighting results using AHP.

2.2.3. AHP and SCOR data processing
Steps in data processing integration of AHP and SCOR:

1. Identifying the company's supply chain by observing the company's supply chain and then carrying out
the SCOR model approach, the observations are compiled into the company's supply chain framework.
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2.  Determine the indicators of the level-1 matrix, level-2 matrix, and level-3 matrix. The level-1 matrix is the
processes in SCOR, namely plan, source, make, deliver, and return. The level-2 matrix is a dimension for
supply chain performance measurement. The dimensions used include Reliability, Responsiveness,
Agility, Cost, and Asset. The level-3 matrix contains indicators that affect each process and dimension of
supply chain management performance measurement, so they are referred to as KPI.

3. Develop a hierarchical structure of the company's supply chain indicators. The three levels of the matrix
are then made a hierarchy of supply chain performance indicators in the company based on interviews
and filling out indicator questionnaires by parties involved in the research.

4. Calculating the normalization of KPIs with the normalization of Snorm De Boer. The weights of the
indicators are converted into a conversion of a specific value between 0 and 100.

5. Weighting the importance of Performance Attributes with the AHP method. This weighting is done to
determine the importance of each level and KPIs.

6. Create a hierarchical structure that is initialized with the main purpose.

7.  Create a paired comparison matrix that describes each element's relative contribution or influence to a
goal or criterion level above.

8.  Defines pairwise comparisons so that a total number of raters is obtained as many as n x [(n-1)/2] pieces,
where n is the number of elements compared.

9. Calculates eigenvalues and tests their consistency. If it is inconsistent, then the data retrieval is repeated.

10. Repeat steps 3, 4, and 5 for all hierarchy levels.

11. Calculates the eigenvector of each paired comparison matrix that weights each element to prioritize
elements at the lowest hierarchical level until they reach the goal.

12. Calculate the final value of supply chain performance. Multiplies the KPI score by the previously
calculated KPI weight.

13. Calculates the final value of a dimension. Multiplies the score of each dimension by the weight of the
previously calculated dimension.

14. Calculates the total value of supply chain performance. Multiplies the normalized score value of each
matrix by the matrix weight value obtained from the weighting results using AHP.

The AHP is a decision-support method developed by Saaty [27]. Decision support models describe
complex multi-factor or multi-standard problems as hierarchical structures. According to Saaty [27], this
decision support model would hierarchically break down complex multi-factor or multi-criteria problems.

According to Kumar & Pant [28], the preparation of AHP consists of several steps, namely:

1. The initial phase of AHP involves converting the multi-criteria decision-making challenge into a
hierarchical framework.

2. Subsequently, determining the relative significance of each criterion is essential.

3. Finally, performing several computations is necessary to assess the priority vector (weights) and ensure
judgment consistency.

In evaluating company performance, various methods have been applied [18]. One important step in this
process is the normalization of the performance indicators used, which allows for a more objective assessment
of the level of achievement. Each indicator has a different weight according to its unique measurement scale,
making the use of parametric equations crucial. Normalization, or the process of standardization, plays a key
role in achieving accurate measurement results. In this context, the normalization process uses the Snorm De
Boer normalization equation [18], which has a central role in adjusting the data so that it can be compared and
analyzed more effectively. Thus, proper normalization measures provide a solid foundation for more detailed
and relevant performance evaluations in an increasingly competitive business environment.

Larger is better: Snorm = ((Si — Smin)/(Smax — Smin)) x 100 @
Lower is better: Snorm = ((Smax — Si)/(Smax — Smin)) x 100 (2)
where,
Si : The attained value of the indicator in question

Smin : The performance indicator's value represents the poorest level of performance attainment.
Smax : The best performance achievement value of the performance indicator
The performance indicator monitoring system is presented in Table 1.
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Table 1 Work indicator monitoring system

Monitoring System  Performance Indicators

<40 Poor
40-50 Marginal
50-70 Average
70-90 Good

>90 Excellent

Source: Trienekens & Hvolby [29]
3. RESULTS

3.1. SCOR management process of Tegal Subur Active Farmer Group

Three streams, namely material flows and information and financial flows, occur in the Active Tegal
Subur Farmer Group. The material flow flows only one way from upstream to downstream. The process starts
with the raw materials used in finished products to be distributed to consumers. Information and financial
flows are two-way, from upstream to downstream and downstream to upstream.

The Active Tegal Subur Farmer Group process is Plan, Source, Make, and Deliver. In the Return process,
there is no Active Tegal Subur Farmer Group. The Tegal Subur Aktif Farmer Group has never received a return
on the quality of products received by distributors.

3.2. Research data of the Active Tegal Subur Farmer Group
Other data obtained from the Tegal Subur Active Farmer Group for research can be seen in Table 2.

Table 2 Data of the Active Tegal Subur Farmer Group

Material fulfillment
Month Ags Sept Oct Nov Des Jan Feb March
Planning 150 150 160 160 160 160 160 160
Production
Month Ags Sept Oct Nov Des Jan Feb March
Production 696 681 735 735 755 76 755 764
Product Inventory
Month Ags Sept Oct Nov Des Jan Feb March
Total product 676 661 715 715 735 75 745 754
Demand
Month Ags Sept Oct Nov Des Jan Feb March
Demand 60 61 62 63 64 65 66 67
Unexpected orders
Month Ags Sept Oct Nov Des Jan Feb March
Unexpected orders 8 9 7 12 10 9 12 13
Fulfilled 76 51 70 110 95 90 94 8.4
Products sold
Month Ags Sept Oct Nov Des Jan Feb March
Sent 676 661 690 74 735 740 754 754

3.3. Key Performance Indicator
There are 18 KPIs selected in the Active Tegal Subur Farmer Group. Key performance indicators from the
Active Tegal Subur Farmer Group and their data can be seen in Table 3.
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Table 3 Critical performance indicator data of Tegal Subur Active Farmer Group

No Key Performance Indicator Unit Smax Smin Si

1  Meeting with suppliers day 5 1 4

2 Material requirements planning kg 160 150 158

3  Material fulfillment % 98.125 93.333 95.849
4  Material quality % 99.363 99.286 99.337

5 Material lead time day 5 2 5

6  Supplier availability person 24 10 22

7  Cost of material procurement Rp/kg 4,000 1,000 3,500

8  Machine production capacity Kg 100 50 70

9  Product packing accuracy % 98.692 97.064 97.768
10 Product manufacturing time day 6 2 4
11  The ability to fulfill orders is uncertain. % 100.000 84.400 95.392
12 Availability of direct labour person 20 8 14
13 Production cost Rp/kg 20,000 10,000 14,000
14 Duration of use of production equipment hour 6 3 4
15 Orders delivered Kg 77 66 72
16 Product delivery cycle time day 5 3 4
17 Product exhaustion rate % 100.000 96.503 99.083
18 Product shipping costs Rp 450,000 200,000 315,000

3.4. Overall Weight Calculation

Global weighting determines which criteria, attributes, and sub criteria are most important. This can be
seen from how much weight is for the process, dimensions, or the indicator itself. The greater the weight, the
greater the importance of the process, dimensions, or indicators. Global weights are calculated by multiplying
process weights by dimension and indicator weights. The results of the overall value weighting calculation
can be seen in Table 4.

Table 4 Value weighting
Process . Dimensions . . Global
No (Level 1) Weight (Level 2) Weight KPI (Level 3) Weight Weights
Reliability 0.538 PR 1.000 0.179
1 Pl 0.332

an Responsiveness  0.462 PRs 1000  0.153
SR-1 0.631 0.099
Reliability 0.483 SR-2 0.206 0.032
2 Source 0.324 SR-3 0.164 0.026
Agility 0.312 Sag 1.000 0.101
Cost 0.205 SC 1.000 0.066
o MR-1 0.787 0.062
Reliability 0.320 MR 0213 0.017
MRs-1 0.575 0.020
3 Make 0.245 Responsiveness  0.139 MRs-2 0.198 0.007
MRs-3 0.227 0.008
Cost 0.312 MC 1.000 0.076
Asset 0.228 MA 1.000 0.056
Reliability 0.634 DR 1.000 0.063
DRs-1 0.657 0.012

4 Deli . R i 184
elivery 0.099 esponsiveness (.18 DRs2 0343 0.006

Cost 0.182 DC 1.000 0.018
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3.5. Determination of the category of work indicators

The evaluation process can be facilitated by determining the category before an actual performance
evaluation, especially if using Snorm De Boer. The category is generally divided into 2: Larger is Better, and
Lower is Better. Larger is Better indicates that the higher or greater the value of a performance indicator, the
better it is considered. At the same time, the lower is better category describes that the lower or smaller the
value of the performance indicator, the better. The determination of categories for 18 KPI performance
indicators from the Active Tegal Subur Farmer Group can be seen in Table 5.

Table 5 Key Performance Indicator Category

No Key Performance Indicator (Level 3) Category
1 Meeting with suppliers Lower is better
2 Material requirements planning Larger is better
3 Material fulfillment Larger is better
4  Material quality Larger is better
5 Material lead time Lower is better
6  Supplier availability Larger is better
7  Cost of material procurement Lower is better
8  Machine production capacity Larger is better
9  Product packing accuracy Larger is better
10 Product manufacturing time Lower is better
11 The ability to fulfill orders is uncertain Larger is better
12 Availability of direct labour Larger is better
13 Production cost Lower is better
14 Duration of use of production equipment Larger is better
15  Orders delivered Larger is better
16  Product delivery cycle time Lower is better
17 Product exhaustion rate Larger is better
18  Product shipping costs Lower is better

3.6. Supply Chain Performance Assessment

Each indicator has a different size scale, and there needs to be a process of equalizing parameters. The
process of equalizing the parameters used is the normalization process with the Snorm De Boer normalization
formula in equations 1 and 2. The result value for the critical performance indicator meeting with suppliers is
50. The resulting value for the key performance indicator of material fulfillment is 65.925. The results of all
normalization indicators can be seen in Table 6.

Table 6 Normalization of Key Performance Indicators

No Key Performance Indicator Smax Smin Si Unit Score
1 Meeting with suppliers 5 1 3 day 50.000
2 Material requirements planning 160 150 157,5 kg 75.000
3 Material fulfillment 98.125 93.333 95.849 % 52.500
4  Material quality 99.363 99.286 99.337 % 65.925
5  Material lead time 4 1 2 day 66.667
6  Supplier availability 20 9 12 person  27.273
7  Cost of material procurement 50,000 20,000 40,000 Rp 33.333
8  Machine production capacity 25 20 24 kg 80.000
9  Product packing accuracy 98.692 97.064 97.768 % 43.283
10  Product manufacturing time 6 2 4 day 50.000
11 The ability to fulfill orders is uncertain 100 56.778 85.142 % 65.624
12 Availability of direct labour 30 15 21 person  40.000
13 Production cost 174,000 144,000 154,000 Rp/kg  66.667
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Table 6 Normalization of Key Performance Indicators (Continued)

No Key Performance Indicator Smax Smin Si Unit Score
14  Duration of use of production equipment 6 3 4 hour 33.333
15 Orders delivered 75.44 66.11 71.875 kg 61.790
16  Product delivery cycle time 5 3 3,75 day 62.500
17  Product exhaustion rate 100.000 96.503 99.404 % 82.969

3.7. KPI Final Value Calculation
Each indicator has a different size scale, and there needs to be an equalization process. The calculation of
the final value of KPIs can be seen in Table 7.

Table 7 Calculation of KPI final value

Key
No I:i(;cveesls Weight Dimensions Weight PerfoT'mance Weight Glf)bal Score Perform.ance
1) (Level 2) Indicator Weights Appraisal
(Level 3)
1 Plan 0332 Relia]:fility 0.538 PR 1.000 0.179 50 8.927
Responsiveness  0.462 PRs 1.000 0.153 75 11.487
SR-1 0.631 0.099 52.500 5.189
Reliability 0.483 SR-2 0.206 0.032 65.925 2.125
2 Source 0.324 SR-3 0.164 0.026 66.667 1.708
Agility 0.312 Sag 1.000 0.101 27.273 2.759
Cost 0.205 SC 1.000 0.066 33.333 2.213
. MR-1 0.787 0.062 80 4937
Reliability 0320 MR-2 0213 0017 43283 0.725
MRs-1 0.575 0.020 50 0.978
3 Make 0.245  Responsiveness  0.139 MRs-2 0.198 0.007 65.624 0.442
MRs-3 0.227 0.008 40 0.309
Cost 0.312 MC 1.000 0.076 66.667 5.099
Assets 0.228 MA 1.000 0.056 33.333 1.865
Reliability 0.634 DR 1.000 0.063 61.790 3.886
. . DRs-1 0.657 0.012 62.500 0.748
4  Delivery  0.099 Responsiveness 0.184 DRs.2 0343 0.006 82,969 0519
Cost 0.182 DC 1.000 0.018 41.667 0.751
Total Performance Appraisal L7 —

(Average)

Indicators are selected based on the value of weights multiplied by values in the company's supply chain.
The higher the weight, the more critical this indicator is for the company. A lower performance value indicates
that the supply chain is worse at fixing problems. Therefore, the top 4 results will be prioritized for
improvement. Here are Table 8, priority fixes of the weight calculation result:

Table 8 Priority fixes
Key Performance Global Performance
Ind}ilcator (Level 3) Weight Weights Score Appraisal
MRs-3 0.227 0.008 40.000 0.309
MRs-2 0.198 0.007 65.624 0.442
DRs-2 0.343 0.006 82.969 0.519
MR-2 0.213 0.017 43.283 0.725
DRs-1 0.657 0.012 62.500 0.748

DC 1.000 0.018 41.667 0.751
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Table 8 Priority fixes (Continued)

Key Performance Weight Global Score Performance
Indicator (Level 3) Weights Appraisal
MRs-1 0.575 0.020 50.000 0.978
SR-3 0.164 0.026 66.667 1.708
MA 1.000 0.056 33.333 1.865
SR-2 0.206 0.032 65.925 2.125
SC 1.000 0.066 33.333 2213
Sag 1.000 0.101 27.273 2.759
DR. 1.000 0.063 61.790 3.886
MR-1 0.787 0.062 80.000 4.937
MC 1.000 0.076 66.667 5.099
SR-1 0.631 0.099 52.500 5.189
PR 1.000 0.179 50.000 8.927
Prs 1.000 0.153 75.000 11.487

Table 9 Identify strategies in KPIs

Key Performance Indicator (KPI) Strategy Proposal

Availability of direct Appoint or determine a member of a farmer group to be a

MRs-3 coordinator in production, make a definite schedule for work, and
labour L
make binding rules for work.
I ti that stock heduling th 1
The ability to fulfill orders ncrease proéuc ion so a s oc. s are 'met by §c eduling the supply
MRs-2 of raw materials and providing incentives or fixed wages to workers

is uncertain
who produce.

Forming a promotion team for the improvement of long-stored

DRs-2  Product exhaustionrate ~ product promotion. The promotion team can create promos by
utilizing all existing media.

Accuracy of product Packing using digital scale tools, making the right dosing container,

MR-2 packaging and doing it in a fit state.

4. DISCUSSION

The normalization process involves utilizing Snorm De Boer to change the unit of measure for each KPI
Once a normalized score is obtained, the importance at each level is weighed using the AHP. According to
calculations, it has been determined that the planning process has the greatest weight in level one, particularly
with a weight of 0.332. Furthermore, the second priority is the planning process, with a value of 0.324. The
next focus relates to the manufacturing and delivery process. After adding up all existing performance
assessments, the results of the performance value of the organic tea supply chain can be known in the Active
Tegal Subur Farmer Group. The total value of supply chain performance is 54.667, which is included in the
"Average" category.

Based on the supply chain performance evaluation, it can be concluded that the output is of medium
quality but not perfect. Therefore, to improve the company's supply chain performance, it is very important
to implement innovation to add value.

Indicators are selected based on the value of weights x values in the enterprise's supply chain. The higher
the importance, the more important this indicator is for the company. A lower performance value indicates
that the supply chain is worse at fixing problems. Therefore, the top 4 results will be prioritized for ranking.
The priority improvement proposals are:

1. MRs-3 is the availability of direct labour by appointing or appointing a member of a farmer group to be

a coordinator in production, making a definite schedule in work, and making binding rules in work.

2. MRs-2is the ability to fulfill uncertain orders and increase production so that stocks are met by scheduling
the supply of raw materials and providing incentives or fixed wages to workers who produce.
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3. DRs-2 is the product exhaustion rate by forming a promotional team to increase the promotion of
products that have been stored for a long time. The promotion team can create promos by utilizing all
existing media sources.

4. MR-2 is the accuracy of product packing using digital scale tools, making the right dosing container, and
doing it in a fit state.

These four indicators are the performance of the Tegal Subur Active Farmer Group. This implies that
there is a requirement for internal upgrades to increase the value of supply chain performance.

5. CONCLUSION

Based on performance measurement and supply chain performance estimation analysis, it was concluded
that the value of organic tea supply chain performance in the Tegal Subur Active Farmer Group was 54.667.
The indicators that are priorities for improvement are: 1. Availability of direct labour by appointing or
appointing a farmer group member to be a production coordinator, making a definite schedule for work, and
making binding rules for work; 2. The ability to fulfill orders is uncertain; increase production so that stocks
are met by scheduling the supply of raw materials and providing incentives or fixed wages to the labour that
does the production; 3. Product exhaustion rate by forming a promotional team for increased promotion of
long-stored products. The promotion team can create promos by utilizing all existing media sources; 4. The
accuracy of product packing by packing using digital scale tools, making the right dosing container, and doing
itin a fit state. These four indicators are the performance of the Tegal Subur Active Farmer Group. This implies
that there is a requirement for internal upgrades to increase the value of supply chain performance.
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